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BACKGROUND
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§ Code review is essential but time-consuming and 
inconsistent.

§ AI models can help generate review comments.

§ Training datasets are noisy (vague, difficult-to-understand) 
→ poor model outputs.

EXSITING PROBLEM
§ Existing datasets for automated code review contain vague 

or non-actionable comments.

§ Models learn from noise →  generate low-quality, irrelevant 
comments.

§ Review comment dataset Quality matters
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How to improve dataset quality to 
enhance comment generation?

IDEA
Use Large Language Models (LLMs) to semantically 
detect and filter out noisy comments.
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§ Manually label a sample (valid 
or noisy?)

§ Use LLMs for classification 

§ Train review generation 
models with high-quality 
cleaned data



STUDY DESIGN
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RQ.1

To what degree can large 
language models semantically 
clean code review comments?

RQ.2 RQ.3

Does semantic data cleaning 
impact the accuracy of code 
review comment generation 
models?

Does semantic data cleaning 
improve the quality of code 
review comment generation 
models?

RQ1: LLMS Semantically Clean Code Review Comments
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LLMs is a good classifier.

RQ2: Clean Data Impact the Accuracy of Generation
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RQ3: Clean Data Improve the Quality of Generation
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The cleaned models can generate more 
informative and relevant comments



CONCLUSION
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§ To RQ1: LLM-based approach achieves 66-85% precision in 
detecting valid comments

§ To RQ2: Using the predicted valid comments to fine-tune 
the state-of-the-art code review models (cleaned models)

§  To RQ3: Cleaned models can generate more informative 
and relevant comments than the original models

Quality > Quantity

PROS
§ First to use LLMs for 

semantic cleaning of code 
review datasets

§ Comprehensive experiment 
with different models and 
metrics.

§ Insightful Resulte: better 
data quality improves model 
performance.

§ Pioneeringly investigate the 
feasibility of using LLMs .
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CONS
§ Bias exists

§ Manual job still require

§ Limited generalizability
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RATING 4/5
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§ LLM-based cleaning significantly improve model quality

§ Come out with the key insight: Quality > Quantity

§ Advanced LLM-assisted exploration in software engineering



FUTURE WORK
§ Expand to both validity and

correctness.

§ Bring more LLM-driven work 
to reduce manual effort

§ More dataset and ablation 
experiments

§ Domain generalization
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DISCUSSION
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Thank you
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